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(3) Data merge

store.csvE 7|&=2 2 train.csv H[O|EE mergedtd

1.# Column Non-Null Count Dtype

0 Store 1017209 non-null int64

1 DayOfWeek 1017209 non-null int64

2 Date 1017209 non-null object 3 Sales 1017209 non-null int64
4 Customers 1017209 non-null int64

50pen 1017209 non-null int64

6 Promo 1017209 non-null int64

7 StateHoliday 1017209 non-null object

8 SchoolHoliday 1017209 non-null int64

9 StoreType 1017209 non-null object

10 Assortment 1017209 non-null object

11 CompetitionDistance 1014567 non-null float64

12 CompetitionOpenSinceMonth 693861 non-null float64

13 CompetitionOpenSinceYear 693861 non-null float64

14 Promo2 1017209 non-null int64

15 Promo2SinceWeek 509178 non-null float64

16 Promo2SinceYear 509178 non-null float64

17 Promolnterval 509178 non-null object

dtypes: float64(5), int64(8), object(5) memory usage: 139.7+ MB
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ML/DL 22 E HAES o1 AN HEHS ==
g RMSE MAE R? H| 1
Random Forest 469.5302 312.5302 0.9771 Best Model

XGBoost 797.5473 578.3192 0.9340

LightGBM 476.6559 332.0468 0.9764

CatBoost 599.8146 421.2359 0.9626
MLP 1,436.3629 1,007.9686 0.7853 DLEHE
LSTM 740.7106 538.5830 0.9391 DLEE
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1. Random Forest
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2. XGBoost
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3. LightGBM
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